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Abstract A new de noises way is provided. T raditional wavelet is promoted by lifting scheme, lifting wavelet is
used to decompose radar image into sub-band images and then sub-band images are transformed by ridgelet to
new sub-band images. Then new-band images are de-noised and reconstructed by ridgelet and lifting wavelet to
new image. Experimental results demonstrate that curvelet transformation algorithm based on lifting wavelet
decomposition has a better efficiency than the curvelet transform algorithm of traditional wavelets decomposition
in radar image de-noising. Algorithm of lifting wavelet decomposition is better than traditional average value filter
in radar image de-noising.
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Fig. 3 Curvelet Transform Sketch Map
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